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Abstract: This study aims to investigate the role of Interactivity and Enjoyment has towards
the continuance intention to use MOOCs. A sample of 112 participants in Malaysia that have
already used Malaysia MOOCs program took part in this study. The current study aims to
identify whether and to what extent the abovementioned factors (interactivity and enjoyment)
influence MOOCs continuance intention particularly in the context of Malaysia MOOCs
program. Correlation and multiple regression analyses were conducted to test the research
hypotheses. The findings from the correlation reveal that Interactivity and Enjoyment have
strong correlation with the MOOCs continuance intention, while regression analysis indicate
that the combination of these factors contribute to continuance intention to use MOOCs among
Malaysia students. However, only Interactivity factor showed any real significance on MOOCs
continuance intention. This suggests that MOOCs continuance intention was affected by the
combination of these two factors.
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Introduction

At the start of an education revolution, the number of Massive Open Online Courses (MOOCSs)
has increased in recent years. MOOCs are considered to be a recent innovation in online
learning with virtual technology-enhanced learning environments. Technology facilitates
students learning and the dominants channel through which teachers and students can interact.
Thus, social learning is a key element of MOOCs platform (Wu & Chen, 2016); and
Interactivity is the most critical element in technology-enhanced learning environments
(Spector, Christensen, Sioutine, & McCormack, 2001). Because social learning is a an element
of MOOC:s, some researchers have proposed a unified generative model to improve the quality
of learning via online discussion forums, by devising methods to sustain forum activities and
to facilitate personalized learning (Brinton, et al., 2014). In addition, the precise effectiveness
strategy in MOOCs was proposed to define metrics for the effectiveness of students when
interacting with educational resources and activities (Munoz-Merino, Ruiperez-Valiente,
Alario-Hoyos, Perez-Sanagustin, & Kloos, 2015). By introducing MOOCs in education,
MOOC:s system can help universities deliver learning materials to students all over the world
and allow them to access a number of interactive learning tools in their learning process. The
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good experience of using interactive learning tools will increase their intention to use the
system for a long time (Cheng, 2014). Moreover, the affluent entertainment environment such
as video streaming, chat room, online discussion forum, and the variety of apps provided by e-
learning platform make it very well-liked (Saade, Tan, & Nebebe, 2008). Hence, Enjoyment
when using MOQOCs is important to ensure students feeling pleasure and entertain while
gaining knowledge.

Besides, MOOCs allow a massive amount of learners to learn on an open and online
learning. Despite the momentum of MOOCSs, many prominent providers have acknowledged
issue regarding MOOCSs completion rates. (Jordan, 2014) reported an average completion rate
of only 6.5%. In addition, study from (Ab Jalil, Ismail, Bakar, Azizan, & Nasir, 2016) also
reported a low completion rate (less than 10%) for Entrepreneurship subject in Malaysia
MOOCs. The completion rates may be not the best measurement for MOOCs success, but the
low rates do raise question regarding students’ willingness to use MOQOC:s is a continuous basis.
Considering the rapid development and adoption of MOOCs for distance learning, an
investigation of factors that influence students’ continued usage of MOOCs may reveal insights
into its viability (Bhattacherjee & Premkumar, Understanding changes in belief and attitude
toward information technology usage: A theoretical model and longitudinal test, 2004) and
sustainability (Barnes, 2011). As a result, the current study aims to identify whether and to
what extent the abovementioned factors (interactivity and enjoyment) influence MOOCs
continuance intention particularly in the context of Malaysia MOOCs program. Specifically,
the objective of this study is to answer the following research questions: (1) what is the
relationship between Interactivity and MOOCs continuance intention? (2) Is Enjoyment
directly correlates with MOOCs continuance intention? and (3) How do Interactivity and
Enjoyment in combination effect MOOCs continuance intention?

Continuance Intention to Use

Once student uses an e-learning system or MOOC, what is his or her motivation to adopt more
learning contents at a later date? In this sense, the intent to post-adopt is referred to as
continuance intention (Bhattacherjee, 2001b). Understanding how these factors affect users’
value perception and continuance intention to use MOOCs will assisst MOOCs developers to
design more suitable features for this government project.

Some recent studies have found that in varied e-learning environments the main focus schould
be on the continuance usage behaviour rather than short-term usage (Bhattacherjee, 2001)
(Daghan & Akkoyunlu, 2016). Studies have also shown that success in information system
could not be predicted by studies using concepts such as short-term usage, acceptance and
adoption (Japerson, Carter, & Zmud, 2005) (Daghan & Akkoyunlu, 2016) (Shih, 2008).
Therefore, studies on ensuring continuance to use have gained importance.

Malaysia MOOCs

The Malaysia MOOCs program was launched in September 2014, and OpenLearning.com is
the official MOOCs platform for all public institution in Malaysia. As online learning approach,
MOOQOC:s offer the following benefits for Malaysia; (1) an interactive and engaging delivery that
encourages high-degree collaboration and international interactions; (2) global visibility of and
access to Malaysian expertise in niche areas; and (3) promote an opportunity for Malaysian
higher education institutions to showcase their best programmes and research areas (source:
Ministry of Education Malaysia, 2014). Initially, four pilot MOOCs have been launched with
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four public universities as content developers. These four courses are based on compulsory
core courses for undergraduates that are commonly offered by all public universities in
Malaysia. The instructors were recommended to utilize the MOOCs as learning content in a
blended learning mode, according to course instructors in their respective universities (Ministry
of Education Malaysia, 2014). Untill now (2017) all the courses are still on air.

Following the success of the first four MOOCs, the Ministry of Higher Education
supported the public universities to each develop a further three MOOCs in 2015, bringing the
total number of MOOCs to 64 (Wilshire, 2015). Until 2017, there are more than 100 MOOCs
available online. All the courses offered under Malaysia MOQOCs are hosted by OpenLearning,
which offers a learning management system package that helps institutions create a customised
online courses. Lessons are delivered via video lectures, PDF or PowerPoint slides, while
learners are assessed through various course activities such as forums, discussions, quizzes and
practices (Mansor, Latifah, & Amina, 2015). These encourage Malaysians how to learn with
various ICT tools and this may give postive impact to students compete with other developed
countries.

Research Model and Hypotheses

This study proposes a research model that identifies the factors Interactivity and Enjoyment as
predictors of MOOCs continuance intention. The relationships between these constructs are
integrated in the conceptual model depicted in Figure 1. The basic assumption is that MOOCs
continuance intention is determined by perceived interactivity and perceived enjoyment.

Interactivity H1
/ intention
H2
Enjoyrment

Figure 1: Proposed research model

Interactivity

Many people are using blogs, wikis, social networks, and messaging systems to search
information, sharing knowledge, communicate with people, doing transaction and even shop.
The underlying idea is that people are comfortable with the tools they consider to be their own,
and they may wish to continue to use them (Fini, 2009). MOOC:s interactivity is related to the
‘dialogue’ between learners and MOOC:s tools through which learners become engaged and
involved in the e-learning process. Through MOQCs, interactive learning happened between
facilitator and student, students themselves, as well as student and system by applying learning
resources (e.g. videos and documents) and also learning activities, for example like solving
practice questions, doing assignment and taking part in discussions (Lim et al., 2014).
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The communication tools such as discussion room, email, discussion board, online chat
room and video conferencing assist instructors to interact conveniently with students to make
them feel connected and also encourage students to be connected to others within an interactive
virtual learning environment (Lee, Cheung, & Chen, 2005) (Mohd-Azul, 2012). Therefore,
interactivity offers many advantages to enhance participation and user experiences in using
online systems for a long period of time. There are many suitable principle drivers that measure
and explain relationships between interactivity and intention to use towards online systems.
For example, (Chen & Yen, 2004) claimed that interactivity features influence users’
behavioural intention when looking at e-learning websites and engaging in online chats.

Enjoyment

Enjoyment is referred to as an intrinsic motivation variable to use an information system.
Enjoyment in dealing with website highly impacts the intention to use (Koufaris, 2002) (Moon
& Kim, 2001). A student’s subjective feelings of joy, elation and pleasure play a critical role
in explaining usage behaviour of web-based learning (Saade, Tan, & Nebebe, 2008).
Individuals who are intrinsically motivated may use a new technology for the enjoyment they
find in the activity. Since they enjoy the process, they may tend to keep using the system on a
continuous basis. As noted, e-learning offer many entertainment interactive functions, hence
give opportunity to users obtain great enjoyment when using such systems (Koufaris, 2002).

Generally, Enjoyment is the degree to which a person believes that using a particular
system would be enjoyable. The model suggested that the presence of entertainment of MOOCs
materials and applications would make the students more enjoyable with the learning effort.
Few studies have found perceived enjoyment has positive correlation with intention to use
(Saade, Tan, & Nebebe, 2008) (Moon & Kim, 2001) (Zhou & Feng, 2017). This suggests that
higher level of enjoyment motivates users to spend more time on the website. In addition, study
from (Bataineh, Al-Abdallah, & Alkharabsheh, 2015) disclosed a significant direct effect of
enjoyment on users’ continuance intention to use Facebook. Accordingly, it can be predicted
that enjoyment will have a direct relationship with MOOCSs continuance intention.

Research Methodology

In this study, a survey questionnaire is employed to test the hypotheses formulated in the
previous section. The target participants of this study were those with experience with Malaysia
MOOCs program. An e-mail invitation consist a Google form was sent randomly to those who
have been sign up with Open Learning platform and registered as a Malaysia MOOCs student
at any courses. Data were collected from September to October 2017; overall, 112 valid surveys
were returned.

Findings and Discussion
Analysis of demographic data
Demographic statistics help to assess if the sample were representative of the population. This

section figures out the respondent profile and comprised information about their experience in
using Malaysia MOOCs platform. Table 1 presents the details of the results.
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Table 1: Summary of respondent profile and MOOCs experience

Items Frequency Percentage (%)
Gender Male 33 29.5
Female 79 70.5
Malay 80 71.4
Chinese 4 3.6
Race India 3 2.7
Sabah/Sarawak 21 18.8
Others 4 3.6
About once a day 11 9.8
Frequency of A few times a week 58 51.8
accessing A few times a month 14 125
MOOCs Once a month 4 3.6
First time using 25 22.3
E-mail 19 17
MOQOCs Discussion room 23 20.5
tools/activities Chat room 5 4.5
frequently used Download materials 23 20.5
Watch video 42 37.5
Lecture hall 8 7.1
Hostel 82 73.2
Frequent location ~ Computer lab 6 5.4
of access Home 12 10.7
Library 3 2.7
Others 1 0.9

From 112 respondents, 33 of them are male and 79 are female. Most of the respondents are
Malay which represents 71.4 percent, followed by Sabahans and Sarawakians (approximately
20%). Only less than five percent of respondents are Chinese or Indian respectively.

For the questions regarding their experience in using MOOQOCs, the analysis indicated
more than half are assessing MOOCs accounts a few times a week. Besides, the output also
shows that approximately 40 percent of respondents prefer to watch video among all the
MOOC:s activities offered in the platform, and they are less interested in using the chat room.
Results also highlight that 73.2 percent of the students are frequently accessing MOOCSs in
hostel.

Reliability test

In evaluating the internal consistency of the variables, the reliability of the questionnaire was
assessed using Cronbach’s a. According to (Hair et al., 2010) a Cronbach’s a value above 0.6
indicates an acceptable level of reliability. The alpha value for all variables in this study
revealed a range between .913 and .94 accordingly (see Table 2) indicates the variables were
reliable.

60



Journal of Global Business and Social Entrepreneurship (GBSE)
Vol. 4: No. 11 (May 2018) page 56-63 | www.gbse.com.my | eISSN : 24621714

Table 2: Reliability Analysis Results

Items Mean Alpha value (o)
Interactivity 3.696 0.917
Enjoyment 3.701 0.94
Continuance intention 3.676 0.913

Correlation Analysis
To answer the research objective, the Pearson product-moment correlation method was used in
this study, which involves testing the relationships between each factor and MOOCs
continuance intention.

Table 3: Correlation coefficients

Variables Interactivity Enjoyment
MOOCs continuance Pearson correlation, r .738** .844**
intention p-value .000 .000

** Correlation is significant at the 0.01 level (2-tailed)

From the analysis, table 3 results suggest two outputs. First, Interactivity is significantly
associated to MOOCs continuance intention at value r=.738 and p<0.01. The strength of the
relationship is .738 which proposes a strong correlation. The alternative hypothesis of possible
correlation between variables can be accepted, as suggested by the small p-value (.000). Thus,
positive correlation here is significant and construe that is accepted. Second, the result also
shows a positive correlation between Enjoyment and MOOCs continuance intention. The
strength of the relationship also indicates a strong correlation (.844). This positive relationship
suggests that higher respondents’ preference in Enjoyment means the higher effects to MOOCs
continuance intention will be. The null hypothesis of no correlation can be rejected as the p-
value is very small (.000), thus a significant correlation is established.

Multiple Regression Analysis

The objective of this analysis is to determine the aggregate effect of both independent variables
(interactivity and enjoyment) on MOOCs continuance intention. Multiple regression analysis
was employed to evaluate the simultaneous effects of all the independent variables on the
MOOCs continuance intention. Table 4 is a summary of all the t-test for the significance of the
regression coefficients (B’s).

Table 4: Influence of predictors of MOOCSs continuance intention

Unstandardized Standardized
Variable Coefficients Coefficients T Sig.
B Std. Error Beta
Constant 473 219 2.157 .033
Interactivity .808 101 .800 7.971 .000
Enjoyment .058 113 .051 510 611
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As shown in Table 4, the regression coefficients of the two factors are different from zero but
not all reach significant level. Only Interactivity reported the p-value <0.05. Even though there
is significant relationship between MOOCs continuance intention and both factors jointly, but
the factor Enjoyment has no significant contribution to the prediction of improved continuance
intention. This can be concluded that MOOCs continuance intention is affected by the
combination of both factors all together.

Conclusion

In general, this study has investigated two important factors; Interactivity and Enjoyment,
which influence users’ continuance intention to use MOOCs in Malaysia study context.
Findings revealed that Interactivity and Enjoyment has a strong positive correlation with
MOOCs continuance intention, which support H1 and H2 for this study. These findings are in
accordance with (Chen & Yen, 2004), who claimed that Interactivity influencing continuance
intention; and result of H2 is supported by (Saade, Tan, & Nebebe, 2008) (Zhou & Feng, 2017)
indicated a direct effect between Enjoyment and intention to use. However, result from multiple
regression analysis claimed that these two factors should be in a combination in order to gain
a significant effect on MOOCs continuance intention. Although taken in combination the
continuance factors are together significant in the regression explanation of MOOCs
continuance intention, but on individual basis, only Interactivity could bring about significant
changes when referred to the B coefficients in the estimated regression equation.
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